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4. EXPERIMENTAL RESULTS
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3. MODEL DETAIL
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Let # be the topic proportion vector of document d, then 4, can be obtained
by(formula 2 is derived by the Moran's Property ):
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Moran’s Property of Poisson Distribution
Let xy, ..., X, are independent Poisson random variables with parameters 1y, .., 7,,, then
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5. CONCLUSIONS

Conclusion

* GSTC provides an elegant way to model topics
concerning both sparsity and semantic representation,

* Experiments show the good performance of GSTC in
meaningful compact latent representations and
document classification.

Future work

e Consider the sparsity of dictionary.
* Develop a paralleled algorithm for large-scale
applications.
* Extend the GSTC by integrating the discriminative
features of document.



